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Egocentric Data Collection

microphone

array of microphones
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From Narrations to Start-End Times



Dima Damen

MULA@CVPR2024

Ego4D Narrations
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Ego-Exo4D Annotations Fri Oral + Poster (Session 5 #292)
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● The magic of audio-visual 

understanding…

● Object-Object 

interactions

● Material sounds

● Sound-emitting

objects 

Audio-Visual Egocentric Vision
with: Vangelis Kazakos Jaesung Huh

Arsha Nagrani.            Jacob Chalk
Andrew Zisserman
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The first attempt

E Kazakos, A Nagrani, A Zisserman, D Damen (2019). EPIC-Fusion: Audio-Visual Temporal Binding for Egocentric Action Recognition. ICCV

with: Vangelis Kazakos

Arsha Nagrani
Andrew Zisserman
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• musical Instruments

• animals and insects

• waterfall

• humans talking

• food processor

Objects that 
Sound

• put glass down

• close drawer

• turn-on tap

• chop garlic

Actions that 
Sound
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Harmonic vs Percussive

E Kazakos, A Nagrani, A Zisserman, D Damen (2021). Slow-Fast Auditory Streams For Audio Recognition. ICASSP

with: Vangelis Kazakos

Arsha Nagrani
Andrew Zisserman

Harmonic Sounds Percussive Sounds
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Harmonic vs Percussive

E Kazakos, A Nagrani, A Zisserman, D Damen (2021). Slow-Fast Auditory Streams For Audio Recognition. ICASSP

with: Vangelis Kazakos

Arsha Nagrani
Andrew Zisserman
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Auditory Slow-Fast

Outstanding Paper Award – ICASSP 2021
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Audio Slow-Fast

E Kazakos, A Nagrani, A Zisserman, D Damen (2021). Slow-Fast Auditory Streams For Audio Recognition. ICASSP

with: Vangelis Kazakos

Arsha Nagrani
Andrew Zisserman
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Audio Slow-Fast

E Kazakos, A Nagrani, A Zisserman, D Damen (2021). Slow-Fast Auditory Streams For Audio Recognition. ICASSP

with: Vangelis Kazakos

Arsha Nagrani
Andrew Zisserman

Top-1 Accuracy (%)

Split Model Verb Noun Action # Param.

T
e
s
t Damen et al. [1] 42.12 21.51 14.76 10.67M

Slow-Fast (Proposed) 46.47 22.77 15.44 26.88M

Model Top-1 Top-5

Chen et al. [2] 51.00 76.40
McDonnell & Gao [3] 39.74 71.65
Slow 45.20 72.53
Fast 41.44 70.68
Slow-Fast (Proposed) 52.46 78.12
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E Kazakos, A Nagrani, A Zisserman, D Damen (2021). Slow-Fast Auditory Streams For Audio Recognition. ICASSP

with: Vangelis Kazakos

Arsha Nagrani
Andrew Zisserman
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E Kazakos, A Nagrani, A Zisserman, D Damen (2021). Slow-Fast Auditory Streams For Audio Recognition. ICASSP

with: Vangelis Kazakos

Arsha Nagrani
Andrew Zisserman



Dima Damen

MULA@CVPR2024

Audio Slow-Fast

E Kazakos, A Nagrani, A Zisserman, D Damen (2021). Slow-Fast Auditory Streams For Audio Recognition. ICASSP

with: Vangelis Kazakos

Arsha Nagrani
Andrew Zisserman

● Project webpage: https://ekazakos.github.io/auditoryslowfast/

● Code & models: https://github.com/ekazakos/auditory-slow-fast

https://ekazakos.github.io/auditoryslowfast/
https://github.com/ekazakos/auditory-slow-fast
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Play It Back: Iterative Attention 

for Audio Recognition

with: Alexandros Stergiou

Alexandros Stergiou       Dima Damen
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● Current Audio Recognition datasets contain examples of target classes 

intermixed with other irrelevant sounds

with: Alexandros StergiouMotivation

VGG-Sound

● Audio sources from YouTube videos

● Sounds emitted from human, animals, 

musical instruments, machinery or 

weather events

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP



Dima Damen

MULA@CVPR2024

● Current Audio-Recognition datasets contain examples of target classes 

intermixed with other irrelevant sounds

Motivation

VGG-Sound

● Audio sources from YouTube videos

● Sounds emitted from human, animals, 

musical instruments, machinery or 

weather events

target class: “ukulele” 

with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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● Current Audio-Recognition datasets contain examples of target classes 

intermixed with other irrelevant sounds

Motivation

VGG-Sound

● Audio sources from YouTube videos

● Sounds emitted from human, animals, 

musical instruments, machinery or 

weather events

target class: “people hiccup” 

with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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● Current Audio-Recognition datasets contain examples of target classes 

intermixed with other irrelevant sounds

Motivation

VGG-Sound EPIC-KITCHENS

● Audio sources from YouTube videos

● Sounds emitted from human, animals, 

musical instruments, machinery or 

weather events

● Hand-Object Interaction Sounds

● Labelled with verb and noun classes

with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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● Current Audio-Recognition datasets contain examples of target classes 

intermixed with other irrelevant sounds

Motivation

VGG-Sound EPIC-KITCHENS

● Audio sources from YouTube videos

● Sounds emitted from human, animals, 

musical instruments, machinery or 

weather events

● Hand-Object Interaction Sounds

● Labelled with verb and noun classes

target class: “scrub plate” 

with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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● Significant challenges to distinguish between similar sounds

○ Is it a Ukulele or Banjo?

○ Is it scrubbing a plate or a table?

Motivation

Can you play 

it back?

Say again?

with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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● Repeating sounds is essential for the development of echoic memory 

● This memory is responsible for the memorisation of sounds [A, B]

● Repeated listening to replays of sound stimulants is essential for associating 

sound patterns [C]

Motivation

[A] Terry Clark, “Echoic memory explored and applied,” Journal of services marketing, 1987.

[B] Rael D Strous, Nelson Cowan, Walter Ritter, and Daniel C Javitt, “Auditory sensory (” echoic”) 

memory dysfunction in schizophrenia.,” The American journal of psychiatry, 1995.

[C] Gabriel A Radvansky, Human Memory, Psychology Press, 2005.

How do we build an architecture that le
arns to re

peat?

with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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Play-It-Back Architecture with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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Results with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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Performance over playbacks with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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Qualitative Results

GT: people giggling

PlayItBackX3: people giggling
GT: people giggling

PlayItBackX0: people screaming

X0 X3

with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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Qualitative Results

GT: close fridge

PlayItBackX3: close fridge

GT: close fridge

PlayItBackX0: open drawer

X0 X3

with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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Play-It-Back

Github codeProject website

with: Alexandros Stergiou

A Stergiou, D Damen (2023) Play It Back: Iterative Attention for Audio Recognition. ICASSP
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EPIC-Sounds: A Large-scale 

Dataset of Actions That Sound

Jaesung Huh*, Jacob Chalk*, Evangelos Kazakos, Dima Damen, Andrew Zisserman

* : Equal contribution

with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman
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Audio

Video

Motivation with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP



Dima Damen

MULA@CVPR2024

Audio

Video

Close bin Close bag Wash carrot Wash tomato Take knife Cut tomato

[ [ [ [ [ [ ]]]]] ]

Motivation with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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Motivation with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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Motivation with: Jaesung Huh*   & Jacob Chalk* 
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Audio

labels

Audio

Video

Footsteps MetalMetal

Cut food

Open/close

Rustle Tap running

Sniffing

[[
[

[[[
[

[ [ [ [ [] ] ] ] ] ] ] ] ] ]
]]

Motivation with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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Visual

labels

Audio

labels

Audio

Video

Close bin Close bag Wash carrot Wash tomato Take knife Cut tomato

Footsteps MetalMetal

Cut food

Open/close

Rustle Tap running

Sniffing

[[
[

[ [ [ [ [ [

[[[
[

[ [ [ [ [

]]]]

] ] ] ] ] ] ] ] ] ]
]]

] ]

Motivation with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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EPIC-SOUNDS

EPIC-KITCHENS VIDEOS

100 hours

45 kitchens

Visual Action Annotations

90K visual actions

97 verb classes

300 noun classes

EPIC-Sounds 

Audio-Based Annotations

79K categorised audio events

44 sound categories

39K uncategorised events

with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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EPIC-SOUNDS with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman
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● We match the train/validation/test video splits from EPIC-KITCHENS-100

● We halve the test split into two challenge-specific subsets:

○ Recognition – with timestamps

○ Detection – without timestamps

Train 76.6%

Val 10.3%

Recognition 6.6%

Detection 6.5%

Test 13.1%

Publicly Available Timestamps Publicly Available Labels

EPIC-SOUNDS splits with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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● We annotate all the distinctive sound events which consist of temporal 

intervals using free-form sound descriptions.

● Using VGG Image annotator tool

Annotations Pipeline with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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• From free-form descriptions to categories

buzzer beep

alarm

scrub scour

scrape wipe

beep

scrub/scrape

Post Processing with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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● For collision sounds, we annotate the materials of the objects that colliding.

● Materials example

Ceramic Cloth Metal Plastic Glass

Collision Sounds with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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• Manual check on validation / test set • We use the overlaps between audio and 

visual segments for reviewing train set.

Cut tomato

Cut food

Close bin

Open / close

V : 

A :

Post Processing with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP



Dima Damen

MULA@CVPR2024

• There are around 39,000 audio events that we recognise the sound exists but no 

semantic label matching the 44 classes could be given.

• Because

• Unable to assign the label

• Collision sounds for which they could not be visually verified.

• We also released them in our website

Non-categorized audio events with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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Baselines and Model Checkpoints with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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More details?
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● Yesterday, the second EPIC-SOUDS Recognition Challenge and first EPIC-SOUNDS Detection 
Challenge

Dataset and Challenge with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

J Huh*, J Chalk* E Kazakos, D Damen, A Zisserman (2023). EPIC-Sounds: A Large-scale Dataset of Actions That Sound. ICASSP
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TIM: A Time Interval Machine for 

Audio-Visual Action Recognition
Jacob Chalk*, Jaesung Huh*, Evangelos Kazakos, Andrew Zisserman, Dima Damen

* : Equal contribution

with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman
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TIM: A Time-Interval Audio-Visual Machine with: Jacob Chalk*    Jaesung Huh* 

Vangelis Kazakos Andrew Zisserman

J Chalk*, J Huh*, E Kazakos, A Zisserman, D Damen (2024). TIM: A Time Interval Machine for Audio-Visual 

Action Recognition. CVPR
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TIM: A Time Interval Machine for 

Audio-Visual Action Recognition
Jacob Chalk*, Jaesung Huh*, Evangelos Kazakos, Andrew Zisserman, Dima Damen

* : Equal contribution

with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman

Thur (Session 4)

Poster # 344
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Multi-Modality in Egocentric Data

High frame-rate RGB footage from the camera 
wearer's perspective

One or many microphones, on the wearable 
device, best positioned to capture the 
sounds of actions and interactions

Speech in the video... or
Narrations/Captions added to index the videos

V

A

L
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What can a cook in Italy teach 

a mechanic in India?
Chiara Plizzari, Toby Perrett, Barbara Caputo, Dima Damen

with: Jaesung Huh*   & Jacob Chalk* 

Vangelis Kazakos Andrew Zisserman
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Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby PerrettGeneralisation across Scenarios and Locations
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Dataset: ARGO1M

● We introduce ARGO1M, the first dataset to perform Action Recognition

Generalisation Over Scenarios and Locations

13 locations

10 scenarios10 scenarios

60 action classes

1.1M samples

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett
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Generalisation across Scenarios and Locations

ARGO1M: 1.05M action clips from 60 action classes recorded in 13 locations within 10 scenarios

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett
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ARGO1M Splits

ARGO1M

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett
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ARGO1M Splits

Cooking

Japan

ARGO1M
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ARGO1M Splits

Cooking in Japan

Test set
Training set

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari
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ARGO1M Splits

10 test sets

Test set
Training set

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett

Cooking in Japan
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Generalisation across Scenarios and Locations
He cuts the lemon strand

with: Chiara Plizzari

Toby Perrett
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Proposed method: CIR

h Lc

action classification

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett
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Proposed method: CIR

h Lc

support set

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett
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Proposed method: CIR

h Lc

support set

first cross-instance reconstruction
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Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett

Lrt

video-text 

association
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Proposed method: CIR

h Lc

support set

second cross-instance reconstruction

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett

Lrt
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Proposed method: CIR

support set

second cross-instance reconstruction

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett

Lrt

h Lc

action classification
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Proposed method: CIR

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett

h Lc

action classification

inference
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Examples
Chiara Plizzari

Toby Perrett
Dima Damen
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Proposed method: CIR

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett
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What can a cook in Italy teach a mechanic in India?

Plizzari et al (2023). What can a cook in Italy teach a mechanic in India? Action Recognition Generalisation

Over Scenarios and Locations. IEEE/CVF International Conference on Computer Vision (ICCV).

with: Chiara Plizzari

Toby Perrett

ARGO1M Dataset

CIR Method

Code and Models

R
E
L
E
A
S
E
D
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GenHowTo: Learning to Generate Actions 

and State Transformations from Instructional Videos

Tomáš Souček Dima Damen Michael Wray Ivan Laptev Josef Šivic

Wed (Session 2)

Poster # 172
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● Hands transform objects….

GenHowTo… with: Tomas Soucek Michael Wray

Ivan Laptev           Josef Sivic

T Soucek et al (2023). GenHowTo: Learning to Generate Actions and State Transformations from 

Instructional Videos. ArXiv
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● Two contributions…. Dataset & Method

GenHowTo… with: Tomas Soucek Michael Wray

Ivan Laptev           Josef Sivic

T Soucek et al (2023). GenHowTo: Learning to Generate Actions and State Transformations from 

Instructional Videos. ArXiv

Tomas Soucek, Jean-Baptiste Alayrac, Antoine Miech, Ivan Laptev, and Josef Sivic (2022). 

Multi-task learning of object state changes from uncurated videos.



Dima Damen

MULA@CVPR2024

● Two contributions…. Dataset & Method

GenHowTo… with: Tomas Soucek Michael Wray

Ivan Laptev           Josef Sivic

T Soucek et al (2023). GenHowTo: Learning to Generate Actions and State Transformations from 

Instructional Videos. ArXiv



Dima Damen

MULA@CVPR2024

GenHowTo… with: Tomas Soucek Michael Wray

Ivan Laptev           Josef Sivic

T Soucek et al (2023). GenHowTo: Learning to Generate Actions and State Transformations from 

Instructional Videos. ArXiv

Input less noise more noise

GenHowTo GenHowTo GenHowTo GenHowTo

GenHowTo GenHowTo GenHowTo GenHowTo
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GenHowTo… with: Tomas Soucek Michael Wray

Ivan Laptev           Josef Sivic

T Soucek et al (2023). GenHowTo: Learning to Generate Actions and State Transformations from 

Instructional Videos. ArXiv

● Qualitative Evaluation…

○ Initial vs Final State

○ Binary Classifier 



Dima Damen

MULA@CVPR2024

GenHowTo… with: Tomas Soucek Michael Wray

Ivan Laptev           Josef Sivic

T Soucek et al (2023). GenHowTo: Learning to Generate Actions and State Transformations from 

Instructional Videos. ArXiv



Dima Damen

MULA@CVPR2024

GenHowTo: Learning to Generate Actions 

and State Transformations from Instructional Videos

Tomáš Souček Dima Damen Michael Wray Ivan Laptev Josef Šivic

Wed (Session 2)
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Multi-Modality in Egocentric Data

High frame-rate RGB footage from the camera 
wearer's perspective

One or many microphones, on the wearable 
device, best positioned to capture the 
sounds of actions and interactions

Speech in the video... or
Narrations/Captions added to index the videos

V

A

L
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Short Detour…



Dima Damen

MULA@CVPR2024

The Perception Test with: Viorica Patraucean, Joao Carreira, Andrew Zisserman

+ DeepMind Team

Training

Training

What comes to mind when you hear the word “Dataset”?

Training

Training

Training
Training

Training

Training

V Patraucean et al (2022). Perception Test: A Diagnostic Benchmark for Multimodal Video Models. 
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The Perception Test with: Viorica Patraucean, Joao Carreira, Andrew Zisserman

+ DeepMind Team

Training and Pretraining

Large-scale

Diversity

Weak/sparse supervision

Kinetics-400, -600, -700

HowTo100M

Ego4D

V Patraucean et al (2022). Perception Test: A Diagnostic Benchmark for Multimodal Video Models. 
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The Perception Test with: Viorica Patraucean, Joao Carreira, Andrew Zisserman

+ DeepMind Team

Training and Pretraining Fine-Grained Actions

Large-scale

Diversity

Weak/sparse supervision

Fine-grained actions

Subtle variations

Crowd-sourced

Kinetics-400, -600, -700

HowTo100M

Ego4D

Charades

Something-Something

EPIC-KITCHENS

Ego4D

V Patraucean et al (2022). Perception Test: A Diagnostic Benchmark for Multimodal Video Models. 
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The Perception Test with: Viorica Patraucean, Joao Carreira, Andrew Zisserman

+ DeepMind Team

Training and Pretraining Fine-Grained Actions Audio-Visual

Large-scale

Diversity

Weak/sparse supervision

Fine-grained actions

Subtle variations

Crowd-sourced

Audio-Visual Input

Video classes only

Kinetics-400, -600, -700

HowTo100M

Ego4D

Charades

Something-Something

EPIC-KITCHENS

Ego4D

Audioset

VGG-Sound

EPIC-KITCHENS

Ego4D

V Patraucean et al (2022). Perception Test: A Diagnostic Benchmark for Multimodal Video Models. 
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The Perception Test with: Viorica Patraucean, Joao Carreira, Andrew Zisserman

+ DeepMind Team

Training and Pretraining Fine-Grained Actions Audio-Visual Test Set

Large-scale

Diversity

Weak/sparse supervision

Fine-grained actions

Subtle variations

Crowd-sourced

Audio-Visual Input

Video classes only

A split of the training set

Kinetics-400, -600, -700

HowTo100M

Ego4D

Charades

Something-Something

EPIC-KITCHENS

Ego4D

Audioset

VGG-Sound

EPIC-KITCHENS

Ego4D

All

V Patraucean et al (2022). Perception Test: A Diagnostic Benchmark for Multimodal Video Models. 
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The Perception Test with: Viorica Patraucean, Joao Carreira, Andrew Zisserman

+ DeepMind Team

Is a “test” not a “test set”

V Patraucean et al (2022). Perception Test: A Diagnostic Benchmark for Multimodal Video Models. 



Dima Damen

MULA@CVPR2024
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+ DeepMind Team
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The Perception Test with: Viorica Patraucean, Joao Carreira, Andrew Zisserman

+ DeepMind Team

V Patraucean et al (2022). Perception Test: A Diagnostic Benchmark for Multimodal Video Models. 

2
nd Perception Test C

hallenge

@ECCV’24 in Milan

Test S
et –

July 2024

DL – Sep 2024
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And back…
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Multi-Modality in Egocentric Data

High frame-rate RGB footage from the camera 
wearer's perspective

One or many microphones, on the wearable 
device, best positioned to capture the 
sounds of actions and interactions

Speech in the video... or
Narrations/Captions added to index the videos

V

A

L
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The Team
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Thank you

For further info, datasets, code, publications…

http://dimadamen.github.io

@dimadamen

http://www.linkedin.com/in/dimadamen

Q&A

http://dimadamen.github.io/
https://www.linkedin.com/in/dimadamen

